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[ Results of experiment about new order]

Action transfer RL Basic DQN Genetic (Dacon) Genetic (modified)
Training time(sec) 1.18 1.20 61.25 14.15
Best score 90.70 63.86 84.80 90.86
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- Mg #A 9U hyper parameter (experiment setting)
* Mac OS Catalina on Mac Pro Late 2013 with 3.5 GHz 6-Core Intel Xeon E5, 32GB RAM
* Genetic Algorithm : Python 3.7
« Action Transfer RL : Double-Deep—-Q-Network (DDQN) with Pytorch, Python 3.7
 Hyper parameter (Action Transfer Reinforcement Learning)
* Learning rate : 0.05, Optimizer : Adam Optimizer, Batch size : 256

* Gamma : 0.9, Buffer size : 10000, epsilon decay : 1000
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